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ATIONS OF THE MIDSCALE DISAGREEMENT PROBLEM

DIMITRI PAISIOS, NATHALIE HUET & ELODIE LABEYE
CLLE LAB (CNRS UMR 5263), UNIVERSITY OF TOULOUSE

STIMULI ARE OF TEN NORMED WITH LIKERT-TYPE SCALES

TO WHAT EXTENT DOES THIS IMAGE APPEAR THEORETICALLY POSSIBLE
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LET'S TAKE A CLOSER LOOK TO BODY-0BJECT INTERACTION (BOl) RATINGS

RATE THE EASE WITH WHICH THE HUMAN BODY CAN PHYSICALLY

AND DIRECTLY INTERACT WITH WHAT EACH WORD REPRESENTS
ITEM-LEVEL RATINGS RES ER EACH LJORD REPRESE
RATHER RATHER VERY

WE'VE COLLECTED OUR OWN BODY- IHPOSSIBLEEDU;I FEIEBLT DIFFICULT DIFFICULT  EASY EASY EASY

OBJECT INTERACTION (BOI) RATINGS TO o i | 2 3 4 5 6
UNDERSTAND WHAT IS HAPPENING IN —_—

THE MIDDLE OF THE SCALE
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DATABASES TYPICALLY DON'T PROVIDE
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THE MIDDLE OF THE SCALE SEEMS TO CAPTURE A LOT OF
DISAGREEMENT, WITH AVERAGE RATINGS NOT REPRESENTATIVE
OF THE UNDERLYING RESPONSE DISTRIBUTIONS

WHAT DOES THIS ALL MEAN ?!

. THE MIDDLE OF THE SCALE DOESN'T CAPTURE THE DIMENSION OF INTEREST
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SUCH STUDIES ARE JUST COMPARING ITEMS THAT GENERATE HIGH DISAGREEMENT
WITH ITEMS RATED HIGH

LATENCIES (BALOTA ET AL.,
2007) WITH SEVERAL OTHER
PREDICTORS

NO CONCLUSIONS ARE POSSIBLE ON THE VARIABLE'S EFFECT

LIKERT-TYPE RATINGS ARE ALSO USED AS DEPENDANT VARIABLES & ANALYSED WITH METRIC MODELS LpeLL & KRUSCHKE (2018)

LET'S LOOK AT AN EXAMPLE FROM ROSE ET AL.'S (2021) STUDIES ON CAUSAL JUDGMENT

THE AUTHORS WERE INTERESTED IN HOW MUCH PARTICIPANTS AGREE THAT AN AGENT
15 THE CAUSE OF AN EVENT DEPENDING ON HOW THE QUESTION (5 FRAMED
8 STUDY 4, ROSE ET AL. (202)) CONFIDENCE INTERVALS (AND
STANDARD ERRORS MORE
GENERALLY) CAN CONCEAL
DISAGREEMENTS AND GIVE A
FALSE SENSE OF CONFIDENCE
IN THE RESULTS

FREQUENCY

THE RAW DATA SHOWS THAT
RATINGS WERE NOT OVERALL
LOWER IN THE TWO CONDITIONS
WITH MIDSCALE AVERAGES -
PARTICIPANTS DISAGREED MORE
ABOUT THEIR JUDGEMENTS
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AVERAGES IN THE FACE OF DISAGREEMENT DO NOT TELL THE RIGHT STORY

MEANS & STANDARD DEVIATIONS

BUT THESE "NORMS" ARE JUST AVERAGES ... AND AVERAGES CAN GO VERY WRONG

POLLOCK (2018) OBSERVED THAT RATINGS GENERALLY DISPLAY A CONCAVE
RELATIONSHIP WITH THEIR STANDARD DEVIATIONS

2. WHATEVER GENERATES DISAGREEMENT
CAN ALSO AFFECT TASK PERFORMANCE
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GAM FIT ON LEXICAL DECISION BOI

THERE IS A CLEAR MIDSCALE
EFFECT & ASSUMING LINEARITY
LEADS TO BIASED ESTIMATES
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... AND ZOOM BACK FOR THE BIGGER PICTURE

AS MOST STUDIES REPORT MEANS AND STANDARD DEVIATIONS, WE WANTED A "MAP" OF THE
PLOT FOR BETTER READABILITY AND TO INTERPRET SIMILAR DATA IN THE LITERATURE
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WE DEFINE AGREEMENT AS
THE HIGHEST PROPORTION OF
RESPONSES ON ANY THREE
CONSECUTIVE RATING OPTIONS
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MOST RATINGS IN ABOUT THE MIDDLE THIRD OF
THE SCALE ARE ARTEFACTS OF DISAGREEMENT,
NOT CONSENSUVUAL JUDGEMENTS
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FOR THE REST OF THE ITEMS, MOST
RESPONSES ARE CLUSTERED AROUND THE
EDGES & HIGHER STANDARD DEVIATIONS
ROUGHLY CORRESPOND TO INCREASINGLY
BIASED RATINGS
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3. DISAGREEMENTS CAN LEAD TO MEASURMENT ERROR
... AND WE HAVE NO CLUE ABOUT THE REQUIRED SAMPLE SIZE

COMPARING THE RATINGS
FROM TWO COMPLEMENTARY
DATASETS (Y) WITH A MORE
RECENT ONE (X) SHOWS
SIGNIFICANT VARIATION FOR
SOME ITEMS
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IN EXPERIMENTS, STIMULI
GENERALLY HAVE VERY
DIFFERENT RATINGS IN
DIFFERENT DATASETS

BENNETT ET AL. (20II) &
TILLOTSON ET AL. (2008)
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PEXMAN ET AL. (2019) THE NU”BER OF OBS/'TEH

IS HIGHLY VARIABLE
ACROSS STUDIES &
GETTING LOWER.
NOBODY DISCUSSES HOW
MANY WE NEED FOR
RELIABLE RATINGS
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SOME REMARKS & CONCLUSIONS

e LOOK AT YOUR DATA (!)
WE OVERRELY ON STATISTICS WITHOUT TAKING THE TIME TO
UNDERSTAND OUR DATA

PROXIMAL - SIMPLE

e THERE ARE NO METHODOLOGICAL GUIDELINES FOR RATINGS

e WE DON'T REALLY KNOW HOW TO INTERPRET RELIABILITY
METRICS (ICC, SPLIT-HALF CORRELATION, CRONBACH'S ALPHA, ...)
AND HOW RELIABLE THEY ARE

e SOME RECENT LARGE-SCALE DATASETS ARE, AT BEST,
VERY NOISY DUE TO A LOW SAMPLE SIZE (~10 0BS/ITEM)

e THE RESULTS OF A LARGE NUMBER OF STUDIES (ESPECIALLY
fIMRI) ARE QUESTIONABLE DUE TO UNRELIABLE RATINGS AND
INADEQUATE STIMULUS SAMPLING & STATISTICAL MODELING

RATINGS
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